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About UAIR

Team of 40+ individuals organized into 4
core teams:

1.Institutional Reporting (external focus)

2.Analytics & Reporting (internal focus)

i. Academic Reporting Team (student
data focused)

ii. Administrative Reporting Team
(finance, research, employee,
facilities, space)

iii.Experience Analytics Team (internal
surveys and engagement data)
3.Data Management
i. Architecture Team
ii. Engineering Team

4.Data Governance
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About UAIR

We serve across data domains including:

Student, faculty/staff (employee), finance,
research, facilities, space, experience and
event analytics

Core Services Include:

Official external reporting (IPEDS, state
compliance, ranking surveys)

Internal analytics including institution-
serving dashboards

Enterprise-level data models

Large-scale internal surveys
(students/faculty/staff)

Data science and advanced analytics

Data governance
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Audience Poll

Does your institution track post-bachelor’s graduate school
enrollment?



Why This Matters

What Happens After Graduation?

Retention v

Graduation v

Graduate school enrollment ?

Less visibility into post-bachelor’s outcomes
Limited use in advising and strategy
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Project Goals

What We Wanted to Understand

1. Which students attend graduate school?

2. What factors are associated with attendance?
3. How can we use this to inform advising?
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Research Question

e Main Question:

What predicts graduate
school enrollment after
receiving a bachelor’s
degree from our
institution?

* Independent Variables:
1. GPA
2. STEM Major Status

3. Control for demographics
and financial status
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Data Sources

 Institutional data:

GPA

Major (STEM vs non-
STEM)

Financial aid (pell)
Demographics

External data

National Student
Clearinghouse

Sample:

25,805 bachelor’s
recipients (2019-2023)
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Outcome Definition

* What Are We Predicting?
* Graduate school enrollment
* Within 5 years of graduation

* Binary outcome:
* Yes / No
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Methodology

* Analytical Approach:
* Descriptive statistics
* Logistic regression

Why Logistic Regression?
1. Works for binary outcomes
2. Interpretable
3. Commonin IR
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What Went Into the Model

* Primary independent variables of interest:
* GPA
* STEM major status

e Controls:
* Demographics
e Pell status
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Model Validation

How Did the Model Perform?
e AUC=0.65
* Moderate predictive power

* Interpretation:
e Useful for identifying patterns
* Not for precise individual prediction

air
forum



Moving toward results



Interpreting Results

* Translating the model:
e (QOdds Ratio > 1 = increases likelihood

* (Odds Ratio <1 - decreases likelihood
 Marginal Effect - % change in probability

(3 Focus on marginal effects for decision-making
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Transition to Findings

Table 1. Graduate School Attendance Analysis

DV: Graduate School Attendance Estimate Odds Ratio Marginal Effects
U of U GPA 1.21 (0.05)***  3.37 0.22

STEM Major 0.22 (0.03)***  1.25 0.04
Observations 25805

Note: Standard errors in parentheses. Significance: *p < .05; ** p < .01, *** p < .001
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GPA (Most Important Finding)

GPA Is the Strongest Predictor
* +1 GPA - +22 percentage points likelihood
e Strong, consistent relationship
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STEM Major Status

STEM Majors Are More Likely to Attend

e STEM - +4 percentage points likelihood
* Smaller effect than GPA, still meaningful
Possible explanations

* (Clearer grad pathways

* Program expectations

* Advising structures
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Putting It Together

How These Factors Combine
* GPA = strongest driver
e STEM = additional boost

Important:
* Effects are additive, not deterministic
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Example Student Profiles

lllustrative Example

* Student A:
* GPA 3.8, STEM — higher likelihood

 Student B:
e GPA 2.8, non-STEM = lower likelihood

Note:
* This is not labeling students — it’s illustrating patterns
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What This Model Does NOT Capture

Limits of the Data

e Student aspirations

* Career goals

* Faculty mentorship

* Graduate school awareness

air
forum



From Insight to Action

What Can We Do With This?
* Move from prediction - support
* |dentify opportunities for intervention
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Use Case #1

Advising Applications
* |dentify students with grad potential/interest

* Encourage:
 Research experience
e Grad school conversations
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Use Case #2

Department-Level Insights
* Compare STEM vs non-STEM

e Ask:
* Are pathways equally supported?
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Use Case #3

Strategic Conversations

1. Where are gaps?

2. Which students may be overlooked?
3. How can support be expanded?

Further analysis possible at more granular levels
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How We Shared Results

Implementation

 Reported to:
* Advising leadership
* Academic deans

Follow-up discussions = useful
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Lessons Learned

What We Took Away

* “Good enough” models are still useful
* Simplicity improves adoption

* Framing matters more than complexity
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Pitfalls & Challenges

What to Watch Out For

* OQverinterpreting results
 Confusing prediction with causation
* Missing key variables
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How to Replicate This

Getting Started at Your Institution
1. Define outcomes clearly

2. Gather internal + external data
3. Start with logistic regression

4. Focus on communication
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Key Takeaways for Your Institution

What You Should Remember

1. You can model post-grad outcomes

2. GPA and major matter most (here)

3. Insights can inform advising and strategy
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Connect With Us

\
/l

Jessica Schmidt, MSDA Luis Oquendo, Ph.D.

e Email: Jess.Schmidt@utah.edu e Email: Luis.Oquendo@utah.edu

e LinkedIn: www.linkedin.com/in/jessica-
elaine-schmidt

Thank you!

forum


mailto:Jess.Schmidt@utah.edu
http://www.linkedin.com/in/jessica-elaine-schmidt
http://www.linkedin.com/in/jessica-elaine-schmidt
mailto:Luis.Oquendo@utah.edu

	Structure Bookmarks
	Document
	Figure
	Figure
	Degrees Beyond the Degree: Modeling Post-Bachelor’s Graduate School Attendance 
	Figure
	Presented by Jessica Schmidt, MSDA – The University of Utah 
	$734 M Research Expenditure 8,926 Graduates 29,335 Undergraduates 18 Colleges 38,261 Students 1,721 Tenure-line Faculty including medical and healthcare system 
	Figure
	Figure
	About UAIR 
	Team of 40+ individuals organized into 4 core teams: 
	1.
	1.
	1.
	Institutional Reporting (external focus) 

	2.
	2.
	Analytics & Reporting (internal focus) 
	Analytics & Reporting (internal focus) 
	i. 
	i. 
	i. 
	Academic Reporting Team (student data focused) 

	ii. 
	ii. 
	Administrative Reporting Team (finance, research, employee, facilities, space) 

	iii.
	iii.
	Experience Analytics Team (internal surveys and engagement data) 




	3.
	3.
	Data Management 
	Data Management 
	i. 
	i. 
	i. 
	Architecture Team 

	ii. 
	ii. 
	Engineering Team 




	4.
	4.
	Data Governance 


	Figure
	About UAIR 
	We serve across data domains including: 
	Student, faculty/staff (employee), finance, research, facilities, space, experience and event analytics 
	Core Services Include: 
	Official external reporting (IPEDS, state compliance, ranking surveys) 
	Internal analytics including institution-serving dashboards 
	Enterprise-level data models 
	Large-scale internal surveys (students/faculty/staff) 
	Data science and advanced analytics 
	Data governance 
	Audience Poll 
	Does your institution track post-bachelor’s graduate school enrollment? 
	Figure
	Why This Matters 
	What Happens After Graduation? 
	• 
	• 
	• 
	Retention 
	✔ 


	• 
	• 
	Graduation 
	✔ 


	• 
	• 
	Graduate school enrollment 
	❓ 


	• 
	• 
	Less visibility into post-bachelor’s outcomes 

	• 
	• 
	Limited use in advising and strategy 


	Project Goals 
	What We Wanted to Understand 
	1. 
	1. 
	1. 
	Which students attend graduate school? 

	2. 
	2. 
	What factors are associated with attendance? 

	3. 
	3. 
	How can we use this to inform advising? 


	Research Question 
	Main Question: 
	• 

	• 
	• 
	• 
	graduate school enrollment after receiving a bachelor’s degree from our institution
	graduate school enrollment after receiving a bachelor’s degree from our institution
	What predicts 
	? 



	• 
	• 
	Independent Variables: 
	Independent Variables: 
	1. 
	1. 
	1. 
	GPA 

	2. 
	2. 
	STEM Major Status 

	3. 
	3. 
	Control for demographics and financial status 





	Data Sources 
	• 
	• 
	• 
	Institutional data: 
	Institutional data: 
	• 
	• 
	• 
	GPA 

	• 
	• 
	Major (STEM vs non-STEM) 

	• 
	• 
	Financial aid (pell) 

	• 
	• 
	Demographics 
	Demographics 
	External data 
	• 






	• 
	• 
	National Student Clearinghouse 


	Sample: 
	• 

	• 
	• 
	• 
	 bachelor’s 
	 bachelor’s 
	25,805

	recipients (2019-2023) 



	Outcome Definition 
	What Are We Predicting? 
	• 

	• 
	• 
	• 
	Graduate school enrollment 

	• 
	• 
	Within 5 years of graduation 

	• 
	• 
	Binary outcome: 
	Binary outcome: 
	• 
	• 
	• 
	 / 
	Yes
	No 






	Methodology 
	Analytical Approach: 
	• 

	• 
	• 
	• 
	Descriptive statistics 

	• 
	• 
	Logistic regression 


	Why Logistic Regression? 
	1. 
	1. 
	1. 
	Works for binary outcomes 

	2. 
	2. 
	Interpretable 

	3. 
	3. 
	Common in IR 


	What Went Into the Model 
	• 
	• 
	• 
	Primary independent variables of interest: 
	Primary independent variables of interest: 
	• 
	• 
	• 
	GPA 

	• 
	• 
	STEM major status 




	• 
	• 
	Controls: 
	Controls: 
	• 
	• 
	• 
	Demographics 

	• 
	• 
	Pell status 





	Model Validation 
	How Did the Model Perform? 
	• 
	• 
	• 
	AUC = 0.65 

	• 
	• 
	Moderate predictive power 


	• 
	• 
	• 
	Interpretation: 
	Interpretation: 
	• 
	• 
	• 
	Useful for identifying patterns 

	• 
	• 
	Not for precise individual prediction 





	Moving toward results 
	Figure
	Interpreting Results 
	Translating the model: 
	• 

	• 
	• 
	• 
	increases likelihood 
	Odds Ratio > 1 → 


	• 
	• 
	decreases likelihood 
	Odds Ratio < 1 → 


	• 
	• 
	% change in probability 
	Marginal Effect → 



	 Focus on marginal effects for decision-making 
	ὄ

	Transition to Findings 
	Table 1. Graduate School Attendance Analysis 
	DV: Graduate School Attendance 
	DV: Graduate School Attendance 
	DV: Graduate School Attendance 
	DV: Graduate School Attendance 

	Estimate 
	Estimate 

	Odds Ratio 
	Odds Ratio 
	Odds Ratio 


	Marginal Effects 
	Marginal Effects 


	U ofU GPA 
	U ofU GPA 
	U ofU GPA 
	 


	1.21 (0.05)*** 
	1.21 (0.05)*** 

	3.37 
	3.37 

	0.22 
	0.22 


	STEM Major 
	STEM Major 
	STEM Major 

	0.22 (0.03)*** 
	0.22 (0.03)*** 

	1.25 
	1.25 

	0.04 
	0.04 


	Observations 
	Observations 
	Observations 

	25805 
	25805 



	Note: Standard errorsin parentheses. Significance: *p< .05; ** p< .01, *** p< .001 
	 
	 
	 
	 

	GPA (Most Important Finding) 
	GPA Is the Strongest Predictor 
	• 
	• 
	• 
	+22 percentage points 
	+1 GPA → 
	likelihood 


	• 
	• 
	Strong, consistent relationship 


	STEM Major Status 
	STEM Majors Are More Likely to Attend 
	• 
	• 
	• 
	+4 percentage points 
	STEM → 
	likelihood 


	• 
	• 
	Smaller effect than GPA, still meaningful 


	Possible explanations 
	• 
	• 
	• 
	Clearer grad pathways 

	• 
	• 
	Program expectations 

	• 
	• 
	Advising structures 


	Putting It Together 
	How These Factors Combine 
	• 
	• 
	• 
	GPA = strongest driver 

	• 
	• 
	STEM = additional boost 


	Important: 
	• 
	• 
	• 
	Effects are additive, not deterministic 


	Example Student Profiles 
	Illustrative Example 
	• 
	• 
	• 
	Student A: 
	Student A: 
	• 
	• 
	• 
	higher likelihood 
	GPA 3.8, STEM → 





	• 
	• 
	Student B: 
	Student B: 
	• 
	• 
	• 
	GPA 2.8, non-STEM → 
	lower likelihood 






	Note: 
	• 
	• 
	• 
	This is not labeling students – it’s illustrating patterns 


	What This Model Does NOT Capture 
	Limits of the Data 
	• 
	• 
	• 
	Student aspirations 

	• 
	• 
	Career goals 

	• 
	• 
	Faculty mentorship 

	• 
	• 
	Graduate school awareness 


	From Insight to Action 
	What Can We Do With This? 
	• 
	• 
	• 
	Move from prediction → support 

	• 
	• 
	Identify opportunities for intervention 


	Use Case #1 
	Advising Applications 
	• 
	• 
	• 
	Identify students with grad potential/interest 

	• 
	• 
	Encourage: 
	Encourage: 
	• 
	• 
	• 
	Research experience 

	• 
	• 
	Grad school conversations 





	Use Case #2 
	Department-Level Insights 
	• 
	• 
	• 
	Compare STEM vs non-STEM 

	• 
	• 
	Ask: 
	Ask: 
	• 
	• 
	• 
	Are pathways equally supported? 





	Strategic Conversations 
	1. 
	1. 
	1. 
	Where are gaps? 

	2. 
	2. 
	Which students may be overlooked? 

	3. 
	3. 
	How can support be expanded? 


	Further analysis possible at more granular levels 
	How We Shared Results 
	Implementation 
	• 
	• 
	• 
	Reported to: 
	Reported to: 
	• 
	• 
	• 
	Advising leadership 

	• 
	• 
	Academic deans 





	Follow-up discussions = useful 
	Lessons Learned 
	What We Took Away 
	• 
	• 
	• 
	“Good enough” models are still useful 

	• 
	• 
	Simplicity improves adoption 

	• 
	• 
	Framing matters more than complexity 


	Pitfalls & Challenges 
	What to Watch Out For 
	• 
	• 
	• 
	Overinterpreting results 

	• 
	• 
	Confusing prediction with causation 

	• 
	• 
	Missing key variables 


	How to Replicate This 
	Getting Started at Your Institution 
	1. 
	1. 
	1. 
	Define outcomes clearly 

	2. 
	2. 
	Gather internal + external data 

	3. 
	3. 
	Start with logistic regression 

	4. 
	4. 
	Focus on communication 


	Key Takeaways for Your Institution 
	What You Should Remember 
	1. 
	1. 
	1. 
	You can model post-grad outcomes 

	2. 
	2. 
	GPA and major matter most (here) 

	3. 
	3. 
	Insights can inform advising and strategy 


	Connect With Us 
	Figure
	Jessica Schmidt, MSDA 
	• 
	• 
	• 
	Email: 
	Email: 
	Jess.Schmidt@utah.edu 
	Jess.Schmidt@utah.edu 
	Jess.Schmidt@utah.edu 




	• 
	• 
	LinkedIn: 
	LinkedIn: 
	www.linkedin.com/in/jessica-
	www.linkedin.com/in/jessica-
	www.linkedin.com/in/jessica-

	elaine-schmidt 
	elaine-schmidt 





	Figure
	Luis Oquendo, Ph.D. 
	• 
	• 
	• 
	Email: 
	Email: 
	Luis.Oquendo@utah.edu 
	Luis.Oquendo@utah.edu 
	Luis.Oquendo@utah.edu 





	Thank you! 





Accessibility Report



		Filename: 

		1105541738.pdf






		Report created by: 

		Sravi Garikipati, u6024781@umail.utah.edu


		Organization: 

		





 [Personal and organization information from the Preferences > Identity dialog.]


Summary


The checker found problems which may prevent the document from being fully accessible.



		Needs manual check: 2


		Passed manually: 0


		Failed manually: 0


		Skipped: 1


		Passed: 28


		Failed: 1





Detailed Report



		Document




		Rule Name		Status		Description


		Accessibility permission flag		Passed		Accessibility permission flag must be set


		Image-only PDF		Passed		Document is not image-only PDF


		Tagged PDF		Passed		Document is tagged PDF


		Logical Reading Order		Needs manual check		Document structure provides a logical reading order


		Primary language		Passed		Text language is specified


		Title		Passed		Document title is showing in title bar


		Bookmarks		Passed		Bookmarks are present in large documents


		Color contrast		Needs manual check		Document has appropriate color contrast


		Page Content




		Rule Name		Status		Description


		Tagged content		Passed		All page content is tagged


		Tagged annotations		Passed		All annotations are tagged


		Tab order		Passed		Tab order is consistent with structure order


		Character encoding		Passed		Reliable character encoding is provided


		Tagged multimedia		Passed		All multimedia objects are tagged


		Screen flicker		Passed		Page will not cause screen flicker


		Scripts		Passed		No inaccessible scripts


		Timed responses		Passed		Page does not require timed responses


		Navigation links		Passed		Navigation links are not repetitive


		Forms




		Rule Name		Status		Description


		Tagged form fields		Passed		All form fields are tagged


		Field descriptions		Passed		All form fields have description


		Alternate Text




		Rule Name		Status		Description


		Figures alternate text		Passed		Figures require alternate text


		Nested alternate text		Passed		Alternate text that will never be read


		Associated with content		Passed		Alternate text must be associated with some content


		Hides annotation		Passed		Alternate text should not hide annotation


		Other elements alternate text		Failed		Other elements that require alternate text


		Tables




		Rule Name		Status		Description


		Rows		Passed		TR must be a child of Table, THead, TBody, or TFoot


		TH and TD		Passed		TH and TD must be children of TR


		Headers		Passed		Tables should have headers


		Regularity		Passed		Tables must contain the same number of columns in each row and rows in each column


		Summary		Passed		Tables must have a summary


		Lists




		Rule Name		Status		Description


		List items		Passed		LI must be a child of L


		Lbl and LBody		Skipped		Lbl and LBody must be children of LI


		Headings




		Rule Name		Status		Description


		Appropriate nesting		Passed		Appropriate nesting







Back to Top
